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Abstract 
Studies show that mental health conditions especially depression create more disability problems worldwide. 

The traditional ways doctors check for depression depend too heavily on what medical staff ask and what 

patients say which results in missed or wrong depression findings. Technology tools that simulate human 

intelligence help us better diagnose mental health problems and detect them earlier by reading large healthcare 

datasets. This research joins Artificial Intelligence systems with advanced language processing tools to spot 

depression signs within patient healthcare files. Our research shows that researching unstructured medical data 

elements like doctor notes and therapy conversations helps find emotional responses. By reading medical 

records through sentiment analysis and machine learning AI helps doctor’s spot undetected depressive states. 

This study looks at how AI systems work in mental health care today while discussing the problems and 

benefits of applying this technology. 
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1. Introduction 

Depression appears as a multiple challenge amongst varied expression patterns that show from 

everyday sadness to major mental illnesses that affect all aspects of someone's life. Doctors find it 

hard to reliably diagnose depression because they need to interpret patient reports [1]. The workflow 

to discover depression needs both medical staff and patients to share all the relevant symptoms 

because doctors might overlook small depression signs. These delays affect how quickly patients 

receive proper medicine which hurts their health results [2]. 

The potential of Artificial Intelligence shows improvements to how doctors detect mental health 

conditions. AI technology can review health information more deeply than human brains can helping 

make diagnoses from big patient collections [3]. Healthcare providers can better diagnose depression 

through analyzing EHRs and other patient documents using artificial intelligence to spot emotional 

indicators before symptoms fully show. By analyzing unstructured data AI systems find emotional 

reactions and language changes that signal depression [4]. 

This research investigates how AI algorithms read patient health information to locate depression 

signs. By using Natural Language Processing Techniques Sentiment analysis helps researchers find 

emotional content in text documents [5]. Our research seeks to understand how AI systems that 
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combine machine learning and sentiment analysis recognize depressive behaviors while monitoring 

emotional shifts to strengthen treatment results for patients. This work discusses the primary 

challenges and ethical problems of using AI for mental health treatment while showing its path to 

revolutionize future medical care [6]. 

2. Literature review 

i. Sentiment Analysis in Healthcare 

Word series sentiment analysis reveals hidden feelings from both online and written patient 

documents to capture real emotional intent. The healthcare field uses sentiment analysis to study 

the emotional context of health records data [7]. Studies reveal that by combining sentiment 

analysis with machine learning tools healthcare teams can tell how patients feel and spot mental 

health problems like depression. Researchers track depressive symptoms by analyzing social 

media post sentiments and patient survey results before medical detection appears [8]. 

Modern research proves sentiment analysis can pull emotional information from healthcare 

datasets like physician records and patient interactions [9]. Researchers have discovered that 

doctor's notes with emotional clues about patient hopelessness, frustration, and tiredness help 

detect depression [10]. The language used by depression patients is hard to capture because their 

emotional expressions can range from direct sadness talk to hidden signals within their medical 

notes. The accurate detection of sentiment in healthcare needs precise modifications to patient 

data before modeling [11]. 

ii. Depression Detection Using AI 

AI uses different data sources to find depression through both manually organized and free-

flowing healthcare information. Research teams use support vector machines (SVMs) and deep 

learning structures including recurrent neural networks (RNNs) and Long Short-Term Memory 

(LSTM) to find Depressive Symptom patterns in medical records [11]. Through AI analysis of 

patient therapy transcripts, the system finds emotional tone changes and picks up on signals like 

suicidal thoughts and losing interest in familiar activities. AI technology uses recorded patient 

health data over time to spot changes that show when depression starts or gets worse [12]. 

The research team built an AI system that analyzed thousands of anonymized medical files using 

machine learning. The system detected depression in patients with 85% precision which 

outperformed traditional medical instruments [13]. Today's methods for depression detection 

using AI face problems with limited available data plus diversity among languages and difficulty 

finding enough correctly labeled training information [14]. 

iii. Challenges in Sentiment Analysis for Depression 

Sentiment analysis shows potential in finding depression, but numerous issues need solutions 

first. The interpretation of medical texts becomes hard because of the many ways individuals 

express themselves in writing. People commonly describe their depression symptoms through 

subtle language rather than using direct terms which makes it hard to recognize genuine 
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depression [15]. Depressed patients often speak complexly and experience conflicting feelings 

which makes it hard for emotional evaluation models to determine their mental state. Incomplete 

healthcare data with typographical errors and informal language makes sentiment analysis models 

less reliable in this environment [16]. 

The biggest problem today is accessing high-quality labeled data for training purposes. To work 

well sentiment analysis systems, need many labeled training data samples. It is hard to acquire 

marked healthcare data in this field due to patient privacy rules and hard work needed for manual 

tagging [17]. These systems face challenges to expand their application across healthcare systems. 

The healthcare system handles many unique situations worldwide which means our AI models 

need to perform well no matter which patient they serve [18]. 

iv. Ethical Considerations 

Using AI in healthcare creates serious moral challenges that need proper attention. Our main 

challenge is protecting patient privacy information. Using AI technology to analyze patient data 

needs to follow rigorous governing rules especially those outlined by HIPAA in the United States 

[19]. When AI systems show preference between different groups during processing it creates 

unjust results and medical mistakes [20]. To stop biases from forming we need AI systems that 

patients can easily understand and review. People worry that mental health caregivers should 

make all treatment decisions, but AI is relied upon too much. Since AI systems help doctors, they 

should never make decisions that exceed medical judgment about patients' total mental healthcare 

needs [21].  

3. METHODOLOGY 

i. Data Collection 

This research project obtained patient health information through a mix of medical file records, 

doctor's notes, therapy dialogue records, and patient mental health survey questionnaires. The 

team transformed personal information into anonymous data to meet privacy standards in our 

results. Our analysis combined both organized data types (gender statistics and illness codes) plus 

raw text elements (medical logs and survey results) [22]. 

ii. Data Preprocessing and Cleaning 

Getting the data ready for analysis needed to happen before further work could continue. Our 

team needed various data preparation techniques because we worked with both formatted and raw 

information types [23]. Natural language processing methods cleaned the unstructured data during 

this process. Our data preparation steps started with filtering out basic words and split text into 

smaller pieces while making all words lowercase. Textual material received base form conversion 

through lemmatization from “running” to “run” [24]. We coded category data into numbers and 

processed missing values in either way for structured data. By combining data types into one 

source, we made the information ready for building artificial intelligence models [25]. 
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iii. Sentiment Analysis Techniques 

Our team performed sentiment analysis through different machine learning tools including SVM 

and advanced LSTM networks. SVM was chosen because it can classify text by its word count 

pattern and emotional direction [26]. LSTM networks handle sequential data better than normal 

RNNs so we chose it because it can identify patterns across extended patient text over time [27]. 

Our AI models needed training on a marked dataset that experts assigned depressive and non-

depressive labels to text samples. We tested our trained models on data that the team hadn't seen 

before to measure their predictive accuracy [28]. 

iv. Model Training and Evaluation 

A supervised learning approach trained our sentiment analysis systems. Our models needed text 

with emotional sentiment labels provided by professional mental health experts during their 

training phase [29]. Our performance evaluation used accuracy data alongside precision and recall 

measurements plus the F1 score. These evaluation criteria show if the model can spot emotional 

signs of depression and reject unwanted outputs [30]. Our testing methodology split the available 

dataset into smaller parts to validate that the models could predict accurately when presented with 

new situations [31]. Our approach helped develop models that would work with real-world data 

by preventing them from specializing too much in training data [32]. 

4. Results 

i. Model Performance Evaluation 

Our team tested AI driven sentiment analysis systems against patient health record data to see 

how well they identify depression symptoms. Our research tested Support Vector Machines 

(SVM), Random Forest, and Long Short-Term Memory (LSTM) networks to select the most 

effective model. The training process used datasets containing both standardized medical facts 

along with written reports and notes [33]. 

The performance of each model was measured based on several evaluation metrics: 

 Accuracy: The basic number of successful forecasts made by the system to determine 

health state. The LSTM network produced 87% accurate results which outperformed an 

85% SVM and an 83% Random Forest algorithm [34]. 

 Precision: The precision score counts how many positive test results match medical 

records for actual depression cases. The measure displays what percent of patients 

identified as depressed actually displayed depression symptoms [35]. The LSTM model 

achieved a precision of 85%, outperforming the other models (SVM: 82%, Random 

Forest: 80%) [36]. 

 Recall: The recall score shows how often the model recognized genuine depressive cases 

from all tested instances. A higher recall level helps prevent the detection of fewer cases 
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that require depression treatment. The Long-Short Term Memory model succeeded in 

identifying most depressive cases while achieving 89% recall performance [37]. 

 F1 Score: The F1 score combines precision and recall into the harmonic mean to create 

an effective detection solution. Through depression detection the LSTM model returned 

87% F1 score which reflects excellent sensitivity in finding depression cases plus optimal 

accuracy [38]. 

Our study shows that an LSTM-based model performs best at recognizing depression patterns 

across different types of medical documentation [39]. The SVM and Random Forest results were 

strong, yet these models did not reach the depth of learning advantages that LSTM models exploit 

when processing text sequences with long-term patterns [40]. 

ii. Sentiment Trends in Patient Health Records 

Our sentiment analysis experiments showed unique patterns in the words patients used when they 

showed depressive symptoms. Our data showed increasing negative sentiment (indicating 

depression) occurred before official depression diagnosis during selected periods in patient 

records [41]. People with severe depression showed steady drops in their moods through regular 

updates that included rising thoughts about their hopelessness, lack of energy, and feeling left 

alone [42]. 

Therapeutic sessions produced measured improvements in patient sentiment levels that lasted 

briefly after each treatment. The system tracked emotions between therapy sessions to suggest 

that artificial intelligence can show mood fluctuations and help medical teams notice these 

changes [43]. Our results indicate that sentiment analysis helps spot depression while revealing 

how it progresses so doctors can offer better treatment at earlier stages [44]. 

iii. Ethical Considerations and Patient Privacy 

AI’s ability to find depression shows promise but ethical protection matters most. This study used 

medical data of unidentified patients in accordance with HIPAA protection rules when training 

its models [45]. Health data used for artificial intelligence programs faces constant threats of being 

accessed or misused by unauthorized users. Making sure patient data stays protected and secure 

is a basic need when AI systems enter healthcare operations [46]. 

Getting valid patient permission remains a problem. People need to know what their information 

is used for and how AI tools impact their medical choices. Using AI should help patients receive 

better medical treatment without violating their right to control their own data. As AI enters 

mainstream healthcare practice, we need to solve related ethical issues [47].  

iv. Limitations of the Study 

The research revealed multiple problems with its design. Analysis of previous data suffered from 

limitations because it did not show modern patterns of patient language or symptom presentation. 

The changes in patient depression symptoms can affect the predictive accuracy of the model as 

they modify how patients express themselves over time [48]. The study worked with a single 
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patient sample that reduces how well its discoveries can apply to other health systems. Sentiment 

analysis results often vary across different age groups gender and cultural background 

populations. Researchers should test AI models with larger patient groups plus study how system 

adjustments support various population segments [49]. 

5. Future work 

AI studies following the latest advancements will improve how AI systems find and track 

depression in healthcare patients. 

i. Expanding Data Sources 

Our research should progress by bringing more data types into sentiment analysis models to make 

them more effective. By adding health wearable devices that track biological data such as heart 

rate sleep patterns and body movement AI models become more accurate at monitoring 

depression [50]. The inclusion of physical health measurements would improve our understanding 

of patient condition from combined medical documentation and biometric results. Combining text 

data with audio and biometrics improves our models' ability to detect depression [51]. 

ii. Addressing Algorithmic Bias 

AI system models face a major difficulty when they produce biased results. Typically, unbiased 

AI structures take in biased data and create unequal medical solutions for patients. When most 

training data belongs to one specific group models often fail to provide accurate results for 

patients outside the trained ethnicity [52]. The research should continue toward building models 

from multiple sources to help healthcare systems deliver accurate and impartial results to all 

patients across demographic groups [53]. 

iii. Real-time Depression Monitoring 

Future research should create systems able to continuously check depression levels throughout 

the day. Programmed systems in mobile health apps and telemedicine platforms can track patients' 

emotional responses at all times. Early detection of mood swings gets healthcare staff involved 

faster in managing patient needs. The approach can produce dynamic medical plans by changing 

treatment options based on how the patient feels during their overall care period [54]. 

iv. Improving Sentiment Analysis Models 

Our research shows the LSTM model performs well but researchers should continue to develop 

better techniques. Researchers can test newer AI systems like transformer models BERT and GPT 

where state-of-the-art NLP performance was proven. By recognizing how words relate to their 

context these models generate better sentiment analysis. Hybrid computer programs that mix rule-

based rules with machine learning components will enhance medical professionals' ability to 

understand and describe their systems [55]. 

 

 



AlgoVista: Journal of AI & Computer Science 

Volume 2, Issue 1, Year 2025 

Emerging Technologies in AI and Machine Learning 

43 Published by AlgoVista 

This work is licensed under CC Attribution 4.0 

 

 

v. Collaboration with Mental Health Professionals 

Regular teamwork between AI scientists and mental health experts continues to bring the 

best AI systems. Through their medical experience clinical experts help researchers build 

AI models that match current medical standards and behave properly in real-world 

conditions. Medical experts help spot hidden patterns of depression that other methods 

miss. Real-world medical practice will use artificial intelligence better because medical 

experts work with data scientists during design and testing [56].  

6. Conclusion 

AI brought to depression detection creates important improvements to mental healthcare. Our 

research proves that sentiment analysis can spot emotional patterns in medical records to find 

problems faster and treat them sooner. The findings show that AI assistants help doctors find 

depression better and faster while showing them how the illness develops over time. 

Research into AI healthcare must tackle problems with ethics and data safety plus fix AI's 

tendency to produce unfair results to succeed in this field. Because of AI technology 

advancements mental health medical evaluation and treatment methods are becoming clearer. 

Researchers must develop better AI systems and study more patient information across varied 

sources with auditing rules to make AI mental healthcare effective and ethical. 

Through AI applications healthcare providers can develop customized mental health solutions 

that help more patients achieve better outcomes while lowering global depression impact. 

References 

1. Karp DA. Speaking of sadness: Depression, disconnection, and the meanings of illness. 

Oxford University Press; 2017. 

2. Fiske A, Henningsen P, Buyx A. Your robot therapist will see you now: ethical implications 

of embodied artificial intelligence in psychiatry, psychology, and psychotherapy. Journal of 

medical Internet research. 2019 May 9;21(5):e13216. 

3. De Choudhury M, Gamon M, Counts S, Horvitz E. Predicting depression via social media. 

InProceedings of the international AAAI conference on web and social media 2013 (Vol. 7, 

No. 1, pp. 128-137). 

4. Husnain, A., & Saeed, A. (2024). AI-enhanced depression detection and therapy: Analyzing 

the VPSYC system. IRE Journals, 8(2), 162-168. https://doi.org/IRE1706118 

5. Bickman L. Improving mental health services: A 50-year journey from randomized 

experiments to artificial intelligence and precision mental health. Administration and Policy 

in Mental Health and Mental Health Services Research. 2020 Sep; 47(5):795-843. 

6. Willemink MJ, Koszek WA, Hardell C, Wu J, Fleischmann D, Harvey H, Folio LR, Summers 

RM, Rubin DL, Lungren MP. Preparing medical imaging data for machine learning. 

Radiology. 2020 Apr;295(1):4-15. 

https://doi.org/IRE1706118


AlgoVista: Journal of AI & Computer Science 

Volume 2, Issue 1, Year 2025 

Emerging Technologies in AI and Machine Learning 

44 Published by AlgoVista 

This work is licensed under CC Attribution 4.0 

 

 

7. Husnain, A., Alomari, G., & Saeed, A. (2024). AI-driven integrated hardware and software 

solution for EEG-based detection of depression and anxiety. International Journal for 

Multidisciplinary Research (IJFMR), 6(3), 1-24. 

https://doi.org/10.30574/ijfmr.2024.v06i03.22645 

8. Chen, JJ., Husnain, A., Cheng, WW. (2024). Exploring the Trade-Off Between Performance 

and Cost in Facial Recognition: Deep Learning Versus Traditional Computer Vision. In: Arai, 

K. (eds) Intelligent Systems and Applications. IntelliSys 2023. Lecture Notes in Networks 

and Systems, vol 823. Springer, Cham. https://doi.org/10.1007/978-3-031-47724-9_27 

9. Saeed, A., Husnain, A., Zahoor, A., & Gondal, R. M. (2024). A comparative study of cat 

swarm algorithm for graph coloring problem: Convergence analysis and performance 

evaluation. International Journal of Innovative Research in Computer Science and 

Technology (IJIRCST), 12(4), 1-9. https://doi.org/10.55524/ijircst.2024.12.4.1 

10. Umar, M., Shiwlani, A., Saeed, F., Ahmad, A., Ali, M. H., & Shah, A. T. (2023). Role of 

deep learning in diagnosis, treatment, and prognosis of oncological conditions. International 

Journal, 10(5), 1059-1071. 

11. Shiwlani, A., Ahmad, A., Umar, M., Dharejo, N., Tahir, A., & Shiwlani, S. (2024). BI-RADS 

category prediction from mammography images and mammography radiology reports using 

deep learning: A systematic review. Jurnal Ilmiah Computer Science, 3(1), 30-49. 

12. Corrigan O. Empty ethics: the problem with informed consent. Sociology of health & illness. 

2003 Nov;25(7):768-92. 

13. Shiwlani, A., Ahmad, A., Umar, M., Dharejo, N., Tahir, A., & Shiwlani, S. (2024). Analysis 

of multi-modal data through deep learning techniques to diagnose CVDs: A review. 

International Journal, 11(1), 402-420. 

14. Ntoutsi E, Fafalios P, Gadiraju U, Iosifidis V, Nejdl W, Vidal ME, Ruggieri S, Turini F, 

Papadopoulos S, Krasanakis E, Kompatsiaris I. Bias in data‐driven artificial intelligence 

systems—An introductory survey. Wiley Interdisciplinary Reviews: Data Mining and 

Knowledge Discovery. 2020 May;10(3):e1356. 

15. Bakker D, Kazantzis N, Rickwood D, Rickard N. Mental health smartphone apps: review 

and evidence-based recommendations for future developments. JMIR mental health. 2016 

Mar 1;3(1):e4984. 

16. Abid N. Advancements and Best Practices in Data Loss Prevention: A Comprehensive 

Review. Global Journal of Universal Studies. 1(1):190-225. 

17. Khan MI, Arif A, Khan AR. AI-Driven Threat Detection: A Brief Overview of AI Techniques 

in Cybersecurity. BIN: Bulletin of Informatics. 2024; 2(2):248-61. 

18. Abid N. A Review of Security and Privacy Challenges in Augmented Reality and Virtual 

Reality Systems with Current Solutions and Future Directions. 

19. Qayyum MU, Sherani AM, Khan M, Hussain HK. Revolutionizing Healthcare: The 

Transformative Impact of Artificial Intelligence in Medicine. BIN: Bulletin of Informatics. 

2023; 1(2):71-83. 

https://doi.org/10.30574/ijfmr.2024.v06i03.22645
https://doi.org/10.1007/978-3-031-47724-9_27
https://doi.org/10.55524/ijircst.2024.12.4.1


AlgoVista: Journal of AI & Computer Science 

Volume 2, Issue 1, Year 2025 

Emerging Technologies in AI and Machine Learning 

45 Published by AlgoVista 

This work is licensed under CC Attribution 4.0 

 

 

20. Arif A, Khan A, Khan MI. Role of AI in Predicting and Mitigating Threats: A Comprehensive 

Review. JURIHUM: Jurnal Inovasi dan Humaniora. 2024; 2(3):297-311. 

21. Khan M, Shiwlani A, Qayyum MU, Sherani AM, Hussain HK. AI-powered healthcare 

revolution: an extensive examination of innovative methods in cancer treatment. BULLET: 

Jurnal Multidisiplin Ilmu. 2024 Feb 28; 3(1):87-98. 

22. Sherani AM, Khan M, Qayyum MU, Hussain HK. Synergizing AI and Healthcare: Pioneering 

Advances in Cancer Medicine for Personalized Treatment. International Journal of 

Multidisciplinary Sciences and Arts. 2024 Feb 4; 3(1):270-7. 

23. Abid N. Securing Financial Systems with Block chain: A Comprehensive Review of Block 

chainand Cybersecurity Practices. International Journal of Multidisciplinary Sciences and 

Arts. 3(4):193-205. 

24. MEHTA A, CHOUDHARY V, NIAZ M, NWAGWU U. Artificial Intelligence Chatbots and 

Sustainable Supply Chain Optimization in Manufacturing: Examining the Role of 

Transparency. Innovativeness, and Industry. 2023 Jul; 4. 

25. Khan MI, Arif A, Khan A. AI's Revolutionary Role in Cyber Defense and Social Engineering. 

International Journal of Multidisciplinary Sciences and Arts. 2024;3(4):57-66. 

26. MEHTA A, CHOUDHARY V, NIAZ M, NWAGWU U. Artificial Intelligence Chatbots and 

Sustainable Supply Chain Optimization in Manufacturing: Examining the Role of 

Transparency. Innovativeness, and Industry. 2023 Jul; 4. 

27. Abid N. Empowering Cybersecurity: Optimized Network Intrusion Detection Using Data 

Balancing and Advanced Machine Learning Models. 

28. Umar, M., Shiwlani, A., Saeed, F., Ahmad, A., Ali, M. H., & Shah, A. T. (2023). Role of 

deep learning in diagnosis, treatment, and prognosis of oncological conditions. International 

Journal, 10(5), 1059-1071. 

29. Khan MI, Arif A, Khan AR. The Most Recent Advances and Uses of AI in Cybersecurity. 

BULLET: Jurnal Multidisiplin Ilmu. 2024; 3(4):566-78. 

30. Qayyum MU, Sherani AM, Khan M, Hussain HK. Revolutionizing Healthcare: The 

Transformative Impact of Artificial Intelligence in Medicine. BIN: Bulletin of Informatics. 

2023; 1(2):71-83. 

31. Zainab H, Khan R, Khan AH, Hussain HK. REINFORCEMENT LEARNING IN 

CARDIOVASCULAR THERAPY PROTOCOL: A NEW PERSPECTIVE. 

32. Wang W, Chen J, Hu Y, Liu H, Chen J, Gadekallu TR, Garg L, Guizani M, Hu X. Integration 

of artificial intelligence and wearable internet of things for mental health detection. 

International Journal of Cognitive Computing in Engineering. 2024 Jan 1;5:307-15. 

33. Choudhary V, Patel K, Niaz M, Panwala M, Mehta A, Choudhary K. Risk Management 

Strategies for Biotech Startups: A Comprehensive Framework for Early-Stage Projects. 

InRecent Trends In Engineering and Science for Resource Optimization and Sustainable 

Development 2024 (pp. 448-456). CRC Press. 



AlgoVista: Journal of AI & Computer Science 

Volume 2, Issue 1, Year 2025 

Emerging Technologies in AI and Machine Learning 

46 Published by AlgoVista 

This work is licensed under CC Attribution 4.0 

 

 

34. Khan R, Zainab H, Khan AH, Hussain HK. Advances in Predictive Modeling: The Role of 

Artificial Intelligence in Monitoring Blood Lactate Levels Post-Cardiac Surgery. International 

Journal of Multidisciplinary Sciences and Arts. 2024; 3(4):140-51. 

35. Sherani AM, Qayyum MU, Khan M, Shiwlani A, Hussain HK. Transforming Healthcare: The 

Dual Impact of Artificial Intelligence on Vaccines and Patient Care. BULLET: Jurnal 

Multidisiplin Ilmu. 2024 May 27; 3(2):270-80. 

36. Choudhary V, Mehta A, Patel K, Niaz M, Panwala M, Nwagwu U. Integrating Data Analytics 

and Decision Support Systems in Public Health Management. South Eastern European Journal 

of Public Health. 2024 May 27:158-72. 

37. Habib M, Wang Z, Qiu S, Zhao H, Murthy AS. Machine learning based healthcare system for 

investigating the association between depression and quality of life. IEEE Journal of 

Biomedical and Health Informatics. 2022 Jan 5;26(5):2008-19. 

38. Arif A, Khan MI, Khan A. An overview of cyber threats generated by AI. International Journal 

of Multidisciplinary Sciences and Arts. 2024; 3(4):67-76. 

39. Sherani AM, Khan M. AI in Clinical Practice: Current Uses and the Path Forward. Global 

Journal of Universal Studies. 1(1):226-45. 

40. Jan A, Meng H, Gaus YF, Zhang F. Artificial intelligent system for automatic depression level 

analysis through visual and vocal expressions. IEEE Transactions on Cognitive and 

Developmental Systems. 2017 Jul 31;10(3):668-80. 

41. Khan AH, Zainab H, Khan R, Hussain HK. Deep Learning in the Diagnosis and Management 

of Arrhythmias. Journal of Social Research. 2024 Dec 6;4(1):50-66. 

42. Choudhary V, Patel K, Niaz M, Panwala M, Mehta A, Choudhary K. Implementation of Next-

Gen IoT to Facilitate Strategic Inventory Management System and Achieve Logistics 

Excellence. In2024 International Conference on Trends in Quantum Computing and 

Emerging Business Technologies 2024 Mar 22 (pp. 1-6). IEEE. 

43. Khan M, Shiwlani A, Qayyum MU, Sherani AM, Hussain HK. Revolutionizing Healthcare 

with AI: Innovative Strategies in Cancer Medicine. International Journal of Multidisciplinary 

Sciences and Arts. 2024 May 26; 3(1):316-24. 

44. Khan, A. H., Zainab, H., Khan, R., & Hussain, H. K. (2024). Implications of AI on 

Cardiovascular Patients ‘Routine Monitoring and Telemedicine. BULLET: Jurnal 

Multidisiplin Ilmu, 3(5), 621-637. 

45. Agnikula KS, Balls-BerryJoyce Joy E. Social and behavioral determinants of health in the era 

of artificial intelligence with electronic health records: a scoping review. Health Data Science. 

2021 Aug 24. 

46. Mehta A, Choudhary V. COVID-19 as a Catalyst for Innovation: Pharmaceutical Industry 

Manufacturing Techniques and Management of Endemic Diseases. International Journal of 

Multidisciplinary Sciences and Arts. 2023;2(4):242-51. 

47. Abid N. Enhanced IoT Network Security with Machine Learning Techniques for Anomaly 

Detection and Classification. Int. J. Curr. Eng. Technol. 2023;13(6):536-44. 



AlgoVista: Journal of AI & Computer Science 

Volume 2, Issue 1, Year 2025 

Emerging Technologies in AI and Machine Learning 

47 Published by AlgoVista 

This work is licensed under CC Attribution 4.0 

 

 

48. Mehta A, Sambre T, Dayaramani R. ADVANCED ANALYTICAL TECHNIQUES FOR 

POST-TRANSLATIONAL MODIFICATIONS AND DISULFIDE LINKAGES IN 

BIOSIMILARS. 

49. Abd-Alrazaq A, AlSaad R, Aziz S, Ahmed A, Denecke K, Househ M, Farooq F, Sheikh J. 

Wearable artificial intelligence for anxiety and depression: scoping review. Journal of 

Medical Internet Research. 2023 Jan 19; 25:e42672. 

50. Shah HH. Advancements in Machine Learning Algorithms: Creating a New Era of 

Professional Predictive Analytics for Increased Effectiveness of Decision Making. 

51. Qayyum MU, Sherani AM, Khan M, Shiwlani A, Hussain HK. Using AI in Healthcare to 

Manage Vaccines Effectively. JURIHUM: Jurnal Inovasi dan Humaniora. 2024 May 27; 

1(6):841-54. 

52. Zafar F, Alam LF, Vivas RR, Wang J, Whei SJ, Mehmood S, Sadeghzadegan A, Lakkimsetti 

M, Nazir Z. The Role of Artificial Intelligence in Identifying Depression and Anxiety: A 

Comprehensive Literature Review. Cureus. 2024 Mar; 16(3). 

53. Abid N. Improving Accuracy and Efficiency of Online Payment Fraud Detection and 

Prevention with Machine Learning Models. 

54. Ali F, El-Sappagh S, Islam SR, Ali A, Attique M, Imran M, Kwak KS. An intelligent 

healthcare monitoring framework using wearable sensors and social networking data. Future 

Generation Computer Systems. 2021 Jan 1; 114:23-43. 

55. Mehta A, Patel N, Joshi R. Method Development and Validation for Simultaneous Estimation 

of Trace Level Ions in Purified Water by Ion Chromatography. Journal of Pharmaceutical and 

Medicinal Chemistry. 2024 Jan; 10(1). 

56. Joshi ML, Kanoongo N. Depression detection using emotional artificial intelligence and 

machine learning: A closer review. Materials Today: Proceedings. 2022 Jan 1; 58:217-26. 


